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Anthropic IPO scan - building a better HAL?
The thesis I have been running with this year is that there are only a couple of places to be in the AI Lab space. One space is to be the “best”, the other is “good enough and cheap enough”. Anthropic aims to be the best. It is also my preferred AI, indeed the only one I use other than Google search. The Anthropic thesis is:
· Inference is likely very profitable
· You have to invest in training to stay on the inference frontier and be able to charge a premium
· In 2027 Anthropic, like other labs, will have a huge increase in available compute. If it cancelled its cancellable contracts, profitability would go up a lot. So the question is how much future growth and advantage the optional training compute buys, over and above the committed compute.
Anthropic investment is really a bet on how much better AI will get The dominant question people should ask is will the models keep improving? And how much? That drives the use cases, and the pricing power. Many people get hung up on data centres and power and ethics and job losses and many other important issues without really devoting enough time to understand (A() what the labs can do now and (B) what they will be able to do in a year or two. An investor needs to take a deep dive on capability if they are to have a hope of forecasting revenue.
The IPO is reported at $1.5–2 trillion. In my view something like US$300 bn of 2029 revenue is required to justify thatt.
In my opinion Anthropic has been the market leader for most of this year, on two criteria: (i) it has been at the top of the AI task leaderboard, and (ii) its management espouses values and a culture that I can somewhat support. Beyond the AI you have to look at the people pushing the buttons.
For me it is beyond any doubt that AI is very useful. It’s lifted my capabilities very significantly. I was an average Python coder; now I produce dashboards in a morning. I was a good but flawed writer; now my notes have far fewer grammar, spelling and other errors. I was a proven investment banking analyst; now I can research any topic at will, including reading and summarising reports written in most other languages. I could produce good graphs and knew what better ones looked like; now I can produce magazine-quality graphs as often as I need them. It’s not far off fantasy capabilities and yet as an analyst of more than 40 years’ experience I’m well aware it’s a tool and I am less smart (cognifitve ability declines with age) than I was two years ago.
Obviously my new super powers must be used with restraint. It’s always been a problem for an investment banking analyst to get a “share of voice”. To get someone to read. Now there is way more content, but tine is constant.
I digress because:
· Sceptics doubt if AI adds value;
· Sceptics doubt if AI labs are profitable.
· Sceptics doubt if it’s worth building all the data centres required;
· Humans don’t trust machines and trust AI and its proponents less;
· “Big tech” is a target, as big business has always been, and in Australia the tall poppy must be cut down.
To the IPO
Let’s start with the P&L. Based on the latest six months’ data my presentation is:
	[image: ../media/anthropic_pl_inference_training_h1_2026.png]
Figure 1: Anthropic, six months to June 2026. Source: Anthropic S-1; ITK estimate


This table purports to show that inference is profitable for Anthropic. After training the business roughly breaks even, and overheads push it into losses.
Although the business is very compute intensive, depreciation at present is negligible. The compute is rented, so all of its cost, for inference and training, sits in operating expenses. But that is going to change from 2027. The Broadcom equipment leases come onto the balance sheet as finance leases, so their cost moves out of operating expenses into depreciation and interest. Operating expenses fall and EBITDA looks better than the cash flow. The cloud contracts with Google, Amazon and Microsoft stay in operating expenses.
Let’s have a look at these nosebebleed inducing forward agreements.
	[image: ../media/anthropic_compute_commitments_by_year.png]
Figure 2: Forward compute agreements by year. Source: Anthropic S-1; ITK estimate


Half a trillion US$ of non-cancellable compute commitments to 2033 is any way you look at it a lot of money. You might think Anthropic with $132 bn of cash and investments is well capitalised, but that covers only about a quarter of the fixed commitments.
Model usefulness remains the key
Having enough compute is one of the keys to model capabilities continuing to increase.
Eighteen months ago Anthropic was way behind in terms of its access to compute but it’s catching up.
	[image: ../media/frontier_lab_compute_gw_2026_2028.png]
Figure 3: Compute available to each frontier lab. Source: Anthropic S-1, Epoch AI; ITK estimate


On the above chart every major provider will have access to way more compute in 2028 than they had in 2027. The question is what this will mean for model capabilities. Model capability is the dominant question.
I hesitate to project capability beyond 2027. My historic bias is to underestimate growth. However it still seems reasonable based on recent rates of progress, and the vast amounts of new computing power that will be applied, to forecast “lots” of capability growth in 2027.
Fundamentally this means that demand will grow. People, and businesses in particular, will want access to tools that rapidly increase productivity. Big business will find ways to harness and apply this new “intellectual workforce”.
Behind that is a second wave as robots are developed. How far away can brick laying robots be? Autonomous driving? Health care robots doing room cleaning, resident transfers, food delivery and pick up? The point for the Anthropic IPO is that increasing model capabilities will drive demand growth at least over the next 12 months.
The chart below shows the capability record to date and my projection for 2027.
	[image: ../media/model_frontier_2027_projection.png]
Figure 4: Frontier AI capability and the 2027 projection. Source: Artificial Analysis, Epoch AI; ITK estimate


If like me you use AI every day, as a research and technical increasingly senior partner, you will come to appreciate that one of the more subtle benefits is a reduction in the mistakes newer top level models make. Facts and research are generally correct. Calculations, even complex calculations are more likely to be correct and the AI can do more on its own without losing track. It’s very analogous to a new graduate gradually getting ready for more senior roles. Below I show how this translates to pricing power.
The other point to be drawn from the compute and capability charts is that Anthropic’s lead in the AI capabilities index did not come from more compute but from better training “recipes”: in 2026 Anthropic had less compute than OpenAI or Google (Figure 3), yet holds the capability record (Figure 4). Designer and trainer human skill, to this point, has been the key to success. Understanding the use case for AI and building models that fulfil customer needs is where success is built. And it was ever thus. This goes to “culture”.
As the models become ever more capable (powerful?) the question is whether human skill remains a differentiating factor? Or will having the most capable model become a self perpetuating advantage as models find their own ways of improving capabilities? You can get worried about this as Clarke and Kubrick postulated in the 1968 “2001 a space odysse” but with that worry comes the dream. That dream is a material advance in productivity that means better lives for the majority of people.
Pricing power is questionable but commodification is not inevitable yet
It’s obvious that any respectable AI “model” will be able to do many tasks and as such basic AI will be a commodity and commodities by definition do not have pricing power.
However there are many soccer players in the world but some get paid a lot more than most. Anthropic has so far shown that it can charge a premium. I personally would find it difficult to switch model providers although I’m sure I could if Anthropic gives me a reason. Some professionals switch models all the time. I suspect though that businesses big and small will pick a product and then that product will get embedded in the culture. You only have to see the success of Microsoft in the business world for an example. And the more you let AI learn about you and your business the more useful it becomes. No doubt there are limits.
More analytically even a small reduction in mistakes over a long task can justify a higher price. The table blow compares two models with Artificial Analysis Intelligence Index scores of 58 and 55. The 58 model charges twice as much per token, and the task takes 40 steps.
	[image: ../media/pricing_power_cost_per_task.png]
Figure 5: Cost per completed task. Source: ITK illustrative example


So my view is that there is likely to always be space for a premium model or two.
A stab at the 2027 P&L
Forecasting Anthropic’s financials is a fool’s errand. In about 1983, as the only analyst at the now defunct stockbroker Norths, I wrote a four-page report on BHP after three days’ study, printed on light brown paper to stop photocopying. The day after it came out the AFR rang to ask what I thought of the BHP result: I had the most accurate profit forecast. I hadn’t even known the result was out. I have never had much respect for forecasting skill since; these days I would call it confusing luck with skill. As Albert King sings, “as for luck I ain’t had no luck at all”.
Plausibly there is a huge range possible for 2027 Anthropic revenue, something like $85 bn to $185 bn. My estimate today is around $125 bn.
For context, the chart below asks two questions: how much revenue did other companies add in the year after their IPO, and how long did they take to grow from $55 bn to $125 bn?
Although Anthropic would have to do better than any previous IPO in absolute dollars it is comparable with Nvidia and even Apple. And in percentage terms Amazon did better and Nvidia is similar.
	[image: ../media/anthropic_2027_growth_precedents.png]
Figure 6: Anthropic’s 2027 revenue step against past tech companies. Source: 10-K filings, Anthropic S-1; ITK estimate


Then we can build a P&L. Of the many versions possible, I show two.
· Inference earns about 70% of revenue in both.
· Training is where the money goes: about $75 bn if Anthropic keeps every contract, $28 bn on fixed contracts only.
· Keeping the cancellable contracts turns EBITDA of about +$38 bn into about −$9 bn. That $47 bn is the price of the optional training compute.
	[image: ../media/anthropic_2027_inference_training_ebitda.png]
Figure 7: Anthropic 2027: inference and training EBITDA. Source: ITK estimate


On these numbers Anthropic won’t run out of cash in 2027. Even keeping every contract, the $19 bn outflow uses about a seventh of its cash.
	[image: ../media/anthropic_2027_cash_flow_table.png]
Figure 8: Anthropic 2027 free cash flow. Source: ITK estimate


Conclusion: what do you have to believe?
The press talks about the IPO raising money at a valuation of $1.5 to $2 trillion. I have worked on $1.5 trillion.
Once upon a time I used to talk about PE multiples. Then EBITDA became a proxy for cash flow; an even better measure is a free cash flow multiple. For tech companies revenue multiples are common, because margins on incremental revenue are very high. But for labs like Anthropic every $ of revenue carries compute costs, so I prefer EBITDA.
The method is to look out a few years, to when growth settles, forecast revenue and an EBITDA margin, and discount back to today. My EBITDA counts all compute as a cost, including the leased Broadcom chips, and treats stock-based pay as a cost too. I’ve used an EBITDA multiple of 15–20x.
So for Anthropic to be fair value at a market capitalisation of $1.5 trillion, it needs about $91–122 bn of EBITDA in 2029. At a 30% EBITDA margin that means something like $300 bn of revenue. That’s a heck of an ask but not impossible.
	[image: ../media/anthropic_ipo_what_you_have_to_believe.png]
Figure 9: What an IPO at $1.5trn requires. Source: Reuters, WSJ, Anthropic S-1; ITK estimate


In my long-standing analytical method, a standard approach is to compare and contrast. A good example is a business whose high margins are reduced by the R&D needed to stay ahead, and which has had a growth spurt of its own: big pharma, and specifically Eli Lilly.
	[image: ../media/eli_lilly_rd_margin_2016_2025.png]
Figure 10: Eli Lilly: revenue, margin before R&D and R&D. Source: Eli Lilly 10-K filings


So what do you have to believe? That revenue grows something like 55–80% a year for two more years after more than doubling in 2027, and that training spending then grows more slowly than revenue. The first is a bet on demand. The second is a decision, arguably the biggest win for us al is if the optional investment in training continues to be seen by skilled management as the NPV maximising outcome.
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Anthropic: from inference to pre-tax, six months to June 2026

US$bn. Paid inference earns 69% of revenue; training and research take 60%.
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* ITK estimate. Channel fees from the S-1's $2.7bn year-on-year rise; other sales and marketing is the S-1 functional total less fees.

Inference/training split is the S-1's functional presentation (Note 8), given for half-years only. Lines include $2.2bn of stock-based pay.

1 Amazon convertible notes, principal; carried at $108.6bn fair value, expected to convert to shares at the IPO.

Excludes $2.5bn restricted cash and $1.1bn operating lease liabilities. Revenue through cloud marketplaces is booked gross.

Sources: Anthropic, PBC Form S-1, filed 26 October 2026 -
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Anthropic: forward compute agreements by year

USS$bn a year of compute cost, by counterparty, against current spend; converted to gigawatts of compute capacity.

Current spend

Contracted, by calendar year

Q2-26 IPO 2026 2027 2028 2029 2030 2031 2032 2033 Total
x4 run-rate 2026-33
FIXED: NON-CANCELLABLE MINIMUMS
Google Cloud TPU, to Jul-33 6 12 16 18 18 18 18 8 14
Amazon (AWS), to Apr-36' 4 10 12 12 12 12 12 12 88
Microsoft Azure, to May-33 1 6 7 7 7 7 7 3 45
Broadcom TPU equipment leases, 5 yr 1 15 30 32 32 31 20 - 161
Data-centre leases and other post-June? - 2 8 10 10 10 10 10 60
Existing and short-term contracts 12 12 4 3 3 3 3 3 43
Fixed 24 57 77 82 82 81 70 37 512
CANCELLABLE, CONDITIONAL OR VARIABLE
SpaceXAl: 90-day cancel after Q1-27 9 37 37 38 - - - - 120
Nscale: needs Nscale's financing - 3 7 7 7 7 7 7 45
Lambda: $35bn needs facility lease - 3 5 5 5 5 5 5 36
Additional TPU 2028-31: variable - - 34 34 34 34 - - 136
AMD Helios racks: variable - 4 8 8 - - - - 20
Cancellable, conditional or variable 9 47 91 92 46 46 12 12 357
Total compute cost, US$bn 22 58 33 104 168 174 129 128 83 49 869
Multiple of Q2-26 run-rate 1.0x 2.6x 1.5x 4.7x 7.6x 7.9x 5.8x 5.8x 3.7x 2.2x
Compute capacity, GW?* 1.9 3.8 27 8.9 15.9 16.3 13.6 13.4 8.4 3.7
range 1-3 3-5 2-3 -1 12-20 13-20 1-17 10-17 6-10 3-5
Q2-26 x4 is filed compute and infrastructure expense, annualised; IPO run-rate is an ITK estimate of Q4-26 annualised as SpaceXAl capacity reaches ~83.1bn a month in December. Contract totals and terms are from the S-1;
the split by year is ITK's spreading of each contract over its stated term. The book falls after 2031 as contracts expire; it does not include agreements not yet signed.
*2026-33 portion of a $110bn commitment to April 2036. 2 Includes Anthropic Direct data-centre leases, which run to 2045; no GW is attributed, as they house the Broadcom and AMD equipment.
* Average compute draw (IT load, not facility power) in service during the year. Rates per MW a year: SpaceXAl $26.8m (filed price); cloud and neocloud contracts $10.5m ($8.3-13.3m);
equipment-only leases and purchases $6m ($5-8m). Q2-26 column is the live fleet at 30 June 2026 (ITK capacity ledger, range 1.3-2.6 GW). Other ranges use the high and low rates.
Sources: Anthropic, PBC Form S-1, filed 26 October 2026; ITK capacity ledger - ITK estimate
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Compute available to each frontier lab, 2026-2028

Average GW of compute capacity in service during the year, for the lab's own models. Central estimate, range beneath.

2026 2027 2028

Anthropic 2.7 8.9 15.9

Contracted in the S-1, incl. cancellable SpaceXAl, Nscale, Lambda 2.2-3.4 -1 12-20

OpenAl 3.7 8.5 16.5

Stargate, Oracle, Microsoft, CoreWeave, AWS; Epoch anchors 3.0-4.2 6-10 12-21

Google (own Al use) 3.3 6.3 1.0

Gemini and DeepMind; excludes TPUs sold to Anthropic and cloud 2.3-45 4-9 7-15
o= s e
SpaceX / xAl (own use) 1.0 4.4 10.0
Colossus fleet less capacity leased to Anthropic and Google 0.7-1.3 2-6 6-13
] i e

Bars share one scale, 0-22 GW. GW is compute capacity (IT load), not facility power. Capacity sold to another lab is counted with the user: Anthropic's Google TPUs
and SpaceX GPUs appear under Anthropic only. Anthropic is its contracted book; the other labs are estimates from public plans, so their ranges are wider.

Google's whole Al fleet, including Search, Cloud customers and Anthropic, is roughly twice the own-use figure. SpaceX's 2027-28 rests on its 10 GW target.

Sources: Anthropic S-1 (26 Oct 2026); Epoch Al (Apr, May 2026); SpaceX; company announcements - ITK estimate
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Frontier Al capability: the record to date and where 2027 takes it

The index is roughly the share of a fixed set of hard tasks a model passes, so it cannot exceed 100 and each point gets harder near the top. The projection is ITK's
forecast of +17 points on Epoch's Capabilities Index in 2027 (range +12 to +22), from ~17x more effective training compute, converted on the log-odds

scale that both indexes share for the record holders (r = 0.98). It counts 2027's gain only, from today's record.
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Pricing power: cost per completed task, not cost per token

lllustrative: a 40-step agentic task that fails if any step fails. Each attempt is checked by a person: 15 minutes at $120 an hour.

Price per Each step Task Review per Cost per

attempt right completed attempt completed task

Leader (2x price) $2 98% 45% $30 $72
Follower $1 97% 30% $30 $105

Cost per completed task = (price + review) + share completed. Completed = step success " 40.

1. Long tasks multiply errors.

On the index, 58 against 55 is a failure rate of 42% against 45%. Real work chains many steps: at 98% against 97% per
step, a 40-step task is completed 45% against 30% of the time.

2. Human time costs more than tokens.

Checking and redoing failed work, not the token bill, sets the cost of a completed task. The leader's higher token
price is paid out of the review time it saves.

3. Buyers pay for specific work, not the index average.

The gap is widest on long coding and agentic tasks. On simple, high-volume work both models succeed and the cheaper
one wins.

lllustrative example; index: Artificial Analysis Intelligence Index - ITK estimate
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Anthropic's 2027 revenue at $125bn: $70bn added in one year, from about $55bn

Compared with the year after Amazon's, Google's and Facebook's IPOs, Nvidia's fiscal 2025, and the time the largest technology companies took to cover the same range of revenue.
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2026 US$
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Meta 3.5 years
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Data: company 10-K filings via SEC EDGAR; Anthropic S-1 (26 Oct 2026); US CPI-U -
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Anthropic in 2027: inference pays, and the cancellable compute is a training bet

At a central $125bn of revenue, US$bn. The contracts Anthropic can cancel or that are conditional are not needed to serve customers;
keeping them is a decision to spend about $47bn on training.

Central $125bn

Revenue = token volume x price per token
2027 REVENUE | () |

Central: volume 4x Q2-26, price —30%
Q2-26 run-rate $46bn  Low $85bn High $185bn

Range: 3x at -40% to 5x at -20%

THE 2027 FLEET, AVERAGE GW
fixed contracts end here: 6.3 GW

Serving customers

Training, research, internal use
1.4 GW 4.9 GW - on fixed contracts

Training: cancellable or
conditional - 2.6 GW

e Serving need across the revenue range: 1.0-2.1 GW, inside the 6.3 GW fixed fleet

2027 P&L AT $125BN, US$BN

Keep all Fixed q 5 F
contracts only Inference is the profit engine.
Serving takes about 12% of revenue and channel fees 17%,
Revenue 125 125 leaving ~71% inference EBITDA even with prices per token 30%
I g
Serving compute (14) (14) ower
CSP channel fees (17%) @1) @1) Serving does not need the cancellable contracts.
Inference EBITDA 89 71% 89 71% The fixed fleet averages 6.3 GW against 1.0-2.1 GW of serving
need. SpaceXAl ($37bn, cancellable on 90 days' notice after
Training, research, internal compute (75) (28) Q1-27), AMD, Nscale and Lambda add 2.6 GW that goes to
training.
Research staff (12) (12)
EBITDA after training 2 2% 49 39% Keeping them is a $47bn training investment.
. It takes training GW from ~4.9 to ~7.5, part of the ~17x
1 1
Free tier, other S&M, G3A an an effective compute behind a projected +23-point capability step
EBITDA 9) 7% 38 30% in 2027. It costs ~38 points of EBITDA margin.
Broadcom depreciation + interest (14) (14) The payoff is the lead, not 2027 profit.
Pre-tax* (23) -18% 24 19% On fixed contracts only, 2027 EBITDA is ~30%. Keeping

*Before revaluation of investor instruments. Serving charged the same in both columns: 1.4 GW at the fleet's average cost.

ACROSS THE REVENUE RANGE, US$BN

WHAT IT MEANS

everything turns that into a small loss, recovered only if the
capability lead holds the price premium in 2028.

2027 revenue $85bn $125bn $185bn

Inference EBITDA, both cases 61 71% 89 71% 132 71%
EBITDA, keep all contracts (42) -50% ) 7% 41 22%
EBITDA, fixed contracts only 5 6% 38 30% 88 47%

Total compute is fixed by contract: higher revenue moves GW from training to serving, so EBITDA changes by revenue less 17% channel fees.

Sources: Anthropic S-1 (26 Oct 2026); Artificial Analysis -
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Anthropic: 2027 free cash flow at $125bn of revenue

US$bn

Keep all contracts Fixed contracts only
EBITDA -9 38
Add back stock-based compensation +8 +8
Interest income on cash held +4 +4
Broadcom lease rent (outside EBITDA) -12 -12
Working capital -5 -5
Capex and deposits -5 -5
Cash tax 0 -2
Free cash flow -19 +26
Free cash flow at $85bn / $185bn of revenue -52/+30 -7/+76

Sources: Anthropic S-1 (26 Oct 2026) - ITK estimate
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What an Anthropic IPO at $1.5trn requires

Enterprise value ~$1.30trn. At 15-20x 2029 EBITDA, discounted at 12% a year, that needs 2029 EBITDA of $91-122bn,
counting all compute rent and stock-based pay as costs. The revenue that takes depends on the margin.

Revenue, US$bn

2029 REVENUE REQUIRED, AND GROWTH A YEAR FROM 2027

$400bn 2029 EBITDA 20% margin 30% margin 40% margin
2029 required
304-406bn
:t a 30% margin $91bn $457bn $304bn $228bn
at 20x +91% a year +56% a year +35% a year
$300bn $122bn $609bn $406bn $304bn
at 15x +121% a year +80% a year +56% a year
$200bn . WHAT HAS TO BE TRUE
2027 ITK : 2028 internal projection
$125bn ($85-185bn) $190-200bn (press report) Revenue grows about 55-80% a year in 2028 and 2029,
after more than doubling in 2027.
P +56% to +80% Margin reaches about 30% after all costs. Trainipg
$100bn -’ a year from 2027 and research fall from ~42% of revenue in 2027
P2 to ~30%. Eli Lilly, spending 25-30% on R&D,
~$55bn earned 24-31% in 2017-22.
e
$4.6bn Multiple of 15-20x EBITDA holds in 2029.
0 )
2025 2026 2027 2028 2029

Sources: Anthropic S-1 (26 Oct 2026); Reuters (16 Oct 2026); WSJ; Bloomberg; Eli Lilly 10-K - ITK estimate
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Eli Lilly, 2016—2025: revenue tripled; R&D took about a quarter of it each year

Revenue in US$bn, with growth on the previous year. Below, each bar is the margin before R&D, split into R&D and EBITDA after R&D, as % of revenue.
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2016 includes Elanco (animal health); 2017 onward exclude it, as restated by Lilly; 2017 growth is on the basis reported at the time. 2017-18 depreciation scaled to exclude Elanco.
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